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[AJ7]: 1 have never in my history of dining out
been to a place that did and did not care about
their customers. Good prices, nice decor,
tasteless food.

[H7/7]: The service was good, and the food can be

better for the price we paid. Excellent!
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[ AN JJ]: For the price, I was incredibly
disappointed.

[H77] : T had no experience for the price but now

I have changed my mind.
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