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model REFE loU(%)
B/ classO0 | classl | class2 | class3 | class4 | mean
Ei 72.27| 82.11| 48.54| 67.11| 91.76] 72.36
Unet 4 73.21| 83.67| 49.21| 66.23] 92.94| 73.07
# 2D 73.40| 83.90| 49.38| 66.36| 92.88] 73.18
Ei 73.14| 82.39| 50.22| 70.13| 92.31| 73.64
Unet++ 4T 73.73| 83.54| 50.87| 68.43] 92.80| 73.87
s E2 €l 73.77| 83.61| 50.93| 68.49 92.82| 73.92
Eii 72.12| 81.26| 47.49| 68.47| 92.02| 72.27
Manet H1E 72.97| 82.73| 49.68| 67.19] 91.88| 73.61
® e 73.09| 83.52| 50.83| 6837 92.77| 73.72
i3 71.51| 80.76| 47.65| 68.95| 91.56| 71.09
Linknet 373 73.56| 81.67| 51.14| 68.68] 93.01| 73.61
# 2D 73.65| 81.78| 51.25| 68.79| 93.09] 73.71
= 69.69| 85.17| 51.33] 66.67| 90.88| 72.75
FPN 41 71.94| 80.76] 50.01| 68.21] 92.02| 72.61
s E2 €l 72.23| 81.27| 50.47| 6858 92.24] 73.03
Eii 65.93| 80.82| 48.38| 6570 89.37| 70.04
PSPnet HfE 62.71| 80.98| 45.44| 65.71| 88.74| 68.72
® e 62.75| 81.04| 45.49] 65.77| 88.78| 68.77
i3 66.66| 79.55| 46.93| 65.96/ 90.08| 69.84
PAN 3273 65.70| 82.06| 45.98| 65.62| 89.06| 69.69
i 2D 66.55| 82.93| 46.96| 66.67| 89.82| 70.60
Deep Ei 67.10| 80.66| 46.65| 67.72| 90.12| 70.45
273 63.42| 84.85| 49.68| 69.20] 88.88| 71.21
LabV3 | &
E2€il 62.57| 83.63| 48.57| 68.15 88.10| 70.53
Deep i3 70.22| 77.57| 43.51| 66.10] 91.52| 69.96
A1E 69.78| 83.40 53.07| 69.33] 92.20| 73.56
LabV3+ | &
Em 69.15| 82.64| 52.14| 68.47( 91.42| 72.79
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# 2 Covid-19 DMt 331 % K ik 5
FRFEEREEE, ST 2BAICHEVEEELZET,

model REFE loU(%)
B/ & classO | classl | class2 | class3 | mean
= 94.03 33.76 42.22 1.29 42.83
Unet 5 £ 95.45 34.78 42.15 1.26 43.41
ZEm 96.48 35.47 45.21 1.95 44.78
i 92.11 26.76 44.99 3.69 41.89
Unet++ 5 £ 94.14 26.13 45.07 5.37 42.68
el 94.65| 26.54| 45.32 5.24| 42.94
i3 93.33 33.58 43.82 3.85 43.65
Manet 5 EfE 94.01 34.19 43.54 3.05 43.70
E2 il 95.62 35.28 43.68 4.06 44.66
i3 94.19 39.56 45.83 2.93 45.66
Linknet 5 EfE 95.90 37.50 47.55 2.76 45.93
ZEm 96.97 38.12 48.55 3.67 46.83
# 92.46 31.41 36.78 3.67 41.08
FPN 5 EE 92.91 30.21 35.88 5.10 41.03
ZEM 93.78 30.56 35.96 5.24 41.39
i 93.88 8.22 27.59 0.86 32.64
PSPnet 5 EfE 94.12 7.59 26.50 0.00 32.05
ZEM 94.60 6.79 25.10 0.00 31.62
i 92.53 30.57 35.86 4.26 40.81
PAN 5 EE 93.14 30.14| 35.46 3.22| 40.59
ZEm 93.79 31.68 35.79 4.24 41.38
Deep = 90.93 26.90 31.41 5.86 38.78
LabV3 5 EE 91.32 27.96 31.88 6.69 39.71
HEm 91.78 27.21 30.84 5.24 38.99
Deep it 91.54 30.16 34.28 3.73 39.93
Labva+ | % EE 92.39 31.56 36.32 5.01 41.63
ZED 93.63| 30.67| 35.77 4.41|  40.81
4. BbhYIc
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FE4ToT, EBRTIIZ L OETIVCHEAERZHEOT
TEREEENESEDL LN TE, BETIEOR
A RTZ ENTE I,

FERS

*1 Axial Attention : E[{§ Z #HE D Z A TRMKIZE Y]
ST Attention Z{T5 Z&ICKYEE DX F%H
BLT=AHE

SEXH

[1] M.Havaei, A.Davy, D.W.Farley, An.Biard, A.Courville,
Y.Bengio, C.Pal, PM.Jodoin, and H.Larochelle. Brain Tumor
Segmentation with Deep Neural Networks. Medical Image
Analysis, Vol. 35, pp. 18-31, 2017.

[2] O.Ronneberger, P.Fischer, and T.Brox. U-net: Convolutional
Networks for Biomedical Image Segmentation. In Proceedings
of Medical Image Computing and Computer-Assisted
Intervention, pp. 234-241.,2015.

[3] A.Vaswani, N.Shazeer, N.Parmar, J.Uszkoreit, L.Jones,
A.N.Gomez, L.Kaiser, and I.Polosukhin. Attention is All You
Need. Advances in Neural Information Processing Systems,
Vol. 30, 2017.

[4] H.Wang, Y.Zhu, B.Green, H.Adam, A.Yuille, L.C.Chen. Axial
DeepLab: Stand-Alone Axial-Attention for Panoptic
Segmentation. In Proceedings of European Conference on
Computer Vision, pp.108-126, 2020.

[5] Z.Zhou, M.R.Siddiquee, N.Tajbakhsh, and J.Liang. Unet++: A
nested U-net Architecture for Medical Image Segmentation. In
Proceedings of Workshop on Deep Learning in Medical Image
Analysis, pp. 3-11, 2018.

[6] T.Fan, G.Wang, Y.Li, and H.Wang. Ma-net: A Multi-Scale
Attention Network for Liver and Tumor Segmentation. IEEE
Access, Vol. 8, pp. 179656—179665, 2020.

[7] A.Chaurasia and E.Culurciello. Linknet: Exploiting Encoder
Representations for Efficient Semantic Segmentation. In
Proceedings of IEEE Visual Communications and Image, pp.
1-4,2017.

[8] T.Y.Lin, P.Dollar, R.Girshick, K.He, B.Hariharan, S.Belongie.
Feature Pyramid Network for Object Detection. In Proceedings
of the IEEE Conference on Computer Vision and Pattern
Recognition, pp. 2117-2125,2017.

[9] H.Zhao, J.Shi, X.Qi, X.Wang, and J.Jia. Pyramid Scene
Parsing Network. In Proceedings of the IEEE Conference on
Computer Vision and Pattern Recognition, pp. 2881-2890,
2017.

[10] H.Li, P.Xiong, J.An, and L.Wang. Pyramid Attention Network
for Semantic Segmentation. In Proceedings of British Machie
Vision Conference, 2018.

[11] L.C.Chen, G.Papandreou, F.Schroff, and H.Adam. Rethinking
Atrous Convolution for Semantic Image Segmentation. arXiv
preprint arXiv:1706.05587, 2017.

[12] L.C.Chen, Y.Zhu, G.Papandreou, F.Schroff, and H.Adam.
Encoder-Decoder with Atrous Separable Convolution for
Semantic Image Segmentation. In Proceedings of the European
Conference on Computer Vision, pp. 801-818, 2018.

COHRIFE. FHMI3FEESCATHREBORIRE L
THERAIN, TM4~6EEICERESN=LDTY,

TELECOM FRONTIER No.130 2026 WINTER



